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Abstract

Background: Breast cancer screening plays a critical role in early detection and mortality reduction. Short video platforms
have become widely used channels for patient education, but the quality and reliability of breast cancer screening information
on short video platforms remain unclear.

Objective: This study aimed to explore and compare the source, content characteristics, and quality of short videos on breast
cancer screening across 2 major Chinese-language platforms (Douyin and Kuaishou) and the English-language platform TikTok.

Methods: Using the keyword “breast cancer screening,” this study retrieved and screened the top 100 short videos from each
of the 3 platforms—Douyin, Kuaishou, and TikTok—resulting in afinal sample of 258 eligible videos. Basic video information,
user engagement metrics, and uploader characteristicswere collected. A total of 3 breast disease specialistsindependently evaluated
the content using 4 tools: the Patient Education Materials Assessment Tool for Audiovisual Materials (PEMAT-A/V), modified
DISCERN (mDISCERN), Global Quality Score (GQS), and Journal of the American Medical Association benchmark criteria
(JAMA-BC), which assess understandability and actionability, overall quality, educational value, and reliability, respectively.
Statistical analysesincluded Kruskal-Wallis tests, Dunn-Bonferroni tests, chi-square tests, and Spearman correlation analysis.

Results: Videos on TikTok had significantly lower scores on the mDISCERN, GQS, and JAMA-BC than those on Douyin and
Kuaishou, indicating poorer overall quality and reliability. The median mDISCERN scoreswere 1.50 (IQR 1.00-2.00) for TikTok
compared to 3.00 (IQR 2.00-3.00) for both Douyin and Kuaishou (P<.001), the median GQS scores were 2.00 (IQR 2.00-3.00)
for TikTok compared to 3.00 (IQR 2.50-4.00) (P<.001) for Douyin and 3.00 (IQR 3.00-3.50) (P<.001) for Kuaishou, and the
median JAMA-BC scores were 10.00 (IQR 8.25-12.00) for TikTok compared to 12.00 (IQR 10.00-12.00) (P<.001) for Douyin
and 12.00 (IQR 10.00-14.00) (P<.001) for Kuaishou. The PEMAT-A scores of Douyin and Kuaishou were aso significantly
lower on TikTok (Douyin vs TikTok: P=.002; Kuaishou vs TikTok: P=.02). Hedlth care professionals were the main content
creators on Douyin (49/66, 74.2%) and Kuaishou (56/69, 81.1%), while individua content creators dominated TikTok (33/72,
45.8%). Authentication rates were significantly lower on TikTok (9/72, 12.5%) than on Kuaishou (35/69, 50.7%) and Douyin
(58/66, 87.9%). Viewer engagement metrics, including likes, comments, and collections, were nonsignificant or negatively
correlated with video quality. For example, mDISCERN scores were negatively correlated with the number of likes per 30 days
(P<.001).

Conclusions: This study reveals that high-quality videos on breast cancer screening tend to attract lower viewer engagement,
highlighting platform-specific disparities and challengesin dissemination. It isrecommended that short video platformsimplement
stricter review processes for health-related videos and uploaders. Additionally, governmental or related agencies should provide
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mediatraining for health care professionals in public science communication to enhance the impact and effectiveness of health

education via short videos.

(JMIR Infodemiology 2026;6:€91852) doi: 10.2196/91852
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Introduction

Breast cancer isthe most commonly diagnosed malignancy and
the leading cause of cancer-related mortality among women
globally. According to datafrom the World Health Organization
(WHO), there were an estimated 2.4 million women diagnosed
with breast cancer and 694,000 desths globally in 2024 [1]. In
China, breast cancer ranked second in the female cancer
incidence spectrum in 2022, following only lung cancer [2].
Women are at risk of developing breast cancer at any age after
puberty, with the incidence increasing with age. Notably,
approximately half of breast cancer cases occur in women
without identifiable risk factors beyond sex and age [1]. The
WHO has emphasized the critical importance of breast cancer
screening, which enables earlier medical consultation at thefirst
sign of suspicion and prior to the progression to late-stage
disease. A substantiadl body of evidence supports the
effectiveness of breast cancer screening in increasing early
detection rates and reducing breast cancer mortality [3].
Therefore, promoting breast cancer screening is of great
significance to women'’s health and the well-being of families
and society at large.

Although the Chinese government has prioritized breast cancer
prevention and control, screening rates among Chinese women
remain suboptimal. The National Health Commission has set a
target of achieving an early detection rate exceeding 70% by
the end of 2025. However, despite the availability of free
screening services in some regions, participation remains low,
with screening rates significantly lagging behind those of
high-income countries and showing considerable regional
disparities. For example, South Korea reported a breast cancer
screening rate of 61.2% in 2015, and Japan reached 47.4% by
2019. In Germany, rates have approached 50% [4]. By contrast,
in 2015, the 1-, 2-, and 3-year breast cancer screening rates
among Chinese women aged 40 to 69 years were only 16.9%,
20.2%, and 21.4%, respectively [5]. The situation is even more
concerning in low-resource regions [6,7].

A major contributor to the low screening rate is the lack of
initiative and proactive attitudes among women. A 2022
cross-sectional study conducted in rural Jiangsu Province
identified that women'’s attitudes and perceived social norms
were significant determinants of screening behavior. The
screening dilemmain low-resource areas is characterized by a
lack of health knowledge and insufficient health-seeking
initiative among women [8]. According to the Chinese
Guidelines for Breast Cancer Screening in Women (2022
Edition), imaging iswidely recognized, and educational outreach
holds a similarly important role [9]. Alarmingly, the rate of
delayed diagnosis of breast cancer in China is a cause for
concern, with as many as 35% of cases occurring after a delay
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of 12 weeks or more from the first onset of symptoms to the
initiation of definitive treatment [10]. A lack of awareness about
breast cancer prevention and treatment is a significant
contributing factor to thishigh rate[11]. Thus, public education
on breast cancer screening is a critical strategy to overcome
screening barriers.

China’'s national scientific development initiatives have
emphasized, “ Scientific innovation and science popularization
should be given egual importance” [12]. As part of this
innovation wave, China's“Internet plus health care” sector has
been rapidly expanding, with science popularization through
short videos emerging as a key component. As of June 2024,
the number of internet users in China reached approximately
1.1 billion, with a mobile internet use rate of 99.7% and an
internet penetration rate of 78%. The number of short video
users reached 1.05 billion, accounting for 95.5% of all internet
users[13]. Thus, short video platforms have become one of the
most accessible and widely used channels for public
engagement. In this context, the timely dissemination of breast
cancer-related knowledge is urgently needed, as the internet
and communication technologies are playing an increasingly
vital rolein health education.

In the era of media convergence, short video platforms are
rapidly expanding into the knowledge dissemination domain,
and the trend of “short-form science communication” has
emerged as a new model of public education [14]. However,
open short video ecosystems also create risks for health
communication. Previous work has raised concerns about the
reliability of health information on TikTok and about
cancer-related misinformation online[15]. Although short video
platforms have introduced related restrictions against this
background, research has pointed to the proliferation of online
misinformation, particularly concerning cancer-related topics
[16], especidly on Douyin [17]. According to the Douyin
Community Medical and Health Convention, Douyin encourages
creators with a medical professional background to publish
educational information on health topics, preferably based on
authoritative guidelines, evidence-based medicine, statistical
facts, or professional consensus. With regard to content related
to malignant tumors, the platform particularly encourages
communication on prevention and early screening, which should
be consistent with clinical guidelines. The platform prohibits
unverified, unscientific, or potentially misleading medical
information, aswell asmedical advertising, exaggerated efficacy
claims, and improper patient referral or traffic diversion [18].
Government agencies and hesalth care professionals have
expressed concerns about the reliability of health information
on TikTok [19,20], largely dueto 2 factors: (1) the open nature
of short video platforms allows virtually any user to upload
content freely, and (2) platform oversight and content
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moderation are minimal, resulting in vast volumes of
user-generated content with varying levels of quality. The
overall quality of short videos focusing on breast cancer and
screening remains underexpl ored.

Given this background, the study aimsto explore and compare
the source, content characteristics, and quality of short videos
on breast cancer screening across major Chinese-language
platforms (Douyin and Kuaishou) and the English-language
platform TikTok. This study seeks to provide guidance for the
public on accessing high-quality information on breast cancer
screening, offer evidence-based recommendations for content
creators, and deliver targeted suggestions for platform-level
regulation and policymaking.

Methods

Search Strategy and Data Collection

This study selected 3 mainstream short video platforms. 2
Chinese-language platforms (Douyin [ByteDance Ltd] and
Kuaishou [Kuaishou Technology]) and 1 English-language
platform (TikTok; ByteDance Ltd). In terms of the Chinese
active user base, Douyin and Kuaishou short video platforms
firmly occupy thetop tier of theindustry. A national statistical
report on internet usein Chinashowed that theincreasein users
time spent on Douyin accounted for morethan half of the overall
increase in time spent on online video platforms [13]. Data
released by ByteDance Ltd indicated that in 2020, Douyin’s
daily active users exceeded 600 million, and the average daily
video search volume surpassed 400 million [21]. Kuaishou's
annual financial report released in 2023 aso showed that
Kuaishou's average daily active users reached 382.5 million,
with each daily active user spending an average of 124.5 minutes
online [22]. The top 5 global social media platforms are
Facebook (Meta Platforms Inc), WhatsApp (Meta Platforms
Inc), Instagram (Meta Platforms Inc), YouTube (Alphabet Inc),
and TikTok. TikTok is the sole short video platform among
these 5 platforms, and data showed that TikTok accounts for
the largest share of user time on the Android (Alphabet Inc)
platform [23].

The keyword “breast cancer screening” (or its equivalent in
Chinese, “ FLARFE 7% 2" was used to conduct searches on each
platform. The top 100 videos in the search results from each

platform were retrieved for initial screening. To minimize
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algorithmic bias dueto personalized content recommendations,
new user accounts were registered on each platform specifically
for this study, and any personalized recommendation features
were disabled on Douyin and Kuaishou. All searches were
conducted using the platforms’ default sorting algorithms, and
no additional filters were applied to the search criteria.

Weretrieved thefirst 100 videos returned under each platform’s
default ranking before applying the eligibility criteria. This
pragmatic retrieval cutoff followed precedentsin health-related
video research [24-26]. The focus on higher-ranked results was
informed by the “least-effort rationale” discussed in previous
research [27]. A fixed retrieval depth provided a consistent
operational basis for cross-platform comparison and allowed
independent screening and quality assessment within available
resources.

Following the initial collection of 100 videos per platform
(totaling 300 videos), sample cleaning was performed. On
TikTok, 16 videos were excluded based on the following
criteria: (1) a non-English language and (2) irrelevance to the
topic of “breast cancer screening.” On the Chinese platforms,
videos were excluded based on the following criteria: (1) being
unavailable during the coding and assessment period (October
27, 2024, to April 30, 2025) and (2) irrelevance to the topic.
Specifically, 11 videos were excluded from Kuaishou and 15
from Douyin.

After retrieval, 3 trained experts with clinical backgrounds in
breast medicine independently screened all videos against
prespecified inclusion and exclusion criteria before content
coding and quality assessment. Eligible videos substantively
addressed breast cancer screening methods, recommendations,
screening-related health education, or guidance on when and
how to access screening services. Videos were excluded if they
were not in the target language, lacked substantive
screening-related information, or contained only an incidental
mention of breast cancer. Examples of irrelevant content
included discussions of cosmetic breast procedures, general
oncology, or personal experiences without screening-related
information. Screening disagreements were resolved through
discussion among the 3 reviewers until consensus was reached.
After exclusions, atotal of 258 short videos were included in
the final analysis. The screening and selection process is
illustrated in Figure 1.
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Figure 1. Flowchart of the video retrieval and sample selection process for breast cancer screening videos on Kuaishou, Douyin, and TikTok.
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Basic Video I nformation

For each video, the following metadatawere collected: (1) video
characteristics, including duration (in seconds) and days since
publication; (2) account information, including the number of
followers, whether the uploader was verified, and the type of
verification; and (3) viewer engagement metrics, including the
number of likes, comments, and collections. To account for
differencesin video lifespan, these metrics were normalized by
caculating the average per 30 days (eg, likes/30 days,
comments/30 days, and collections/30 days).
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Video Coding

Coding of Basic Video Elements

Three trained research assistants with clinical backgroundsin
breast medicine were recruited as coders. Each coder
independently assessed whether the videos contained specific
elements predefined by the study. Before coding, all coders
underwent standardized training to ensure consistent
interpretation and classification of video elements.

The basic video elements included the presence or absence of
subtitles, (enhanced) on-screen text, spoken narration or
voiceover, and background music. These elements were binary
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coded as 1="present” and 0="absent.” The video format was
categorized into performance, animated information,
documentary, news, ora speech, and image-based slideshow
formats[28]. Detailed coding criteriaand operational definitions
are provided in Multimedia Appendix 1.

Table 1. Classification codes and examples of short video uploaders.

Lietd

Coding of Video Uploaders

Uploaders of breast cancer screening videoswere classified into
2 main categories. Individual accounts were subdivided into
health care professionals and independent content creators
(self-media). Organizational accounts were subdivided into
nonprofit organizations and for-profit organizations. Detailed
definitions and coding instructions are presented in Table 1.

Account types Description

Example

Health care professionals
fessionals

Individual content creators
content via online platforms

Nonprofit organizations
purposes

For-profit organizations

Individuals who identify or present themselves as health care pro-

Individuals (or small teams) who create, publish, and disseminate

Organizations operating for collective, public, or social welfare

Organizations pursuing commercial interests

Physicians and nursesfrom breast surgery or other
departments

Community women participating in free screening
events

Public tertiary hospitals

Private hospitals

Short Video Quality Assessment Tool

Patient Education Materials Assessment Tool for
Audiovisual Materials

The Patient Education Materials Assessment Tool for
Audiovisual Materials (PEMAT-A/V) consists of 25 items
designed to evaluate the understandability and actionability of
short videos. The definition of “ understandability” isthat patient
education materialsare easy for consumersto understand when
people from different backgrounds and with different levels of
health literacy can understand and explain the main messages.
“Actionability” indicates the extent to which patient education
materials encourage action by enabling consumers of diverse
backgrounds and varying levels of hedlth literacy to identify
what they can do based on theinformation presented [29]. Items
1 to 19 assess understandability, while items 20 to 25 evaluate
actionability. Eachitemisrated as 1="agree”, 0="disagree”, or
n/a="not applicable” The tota score and subscores
(understandability or actionability) are calculated using the
formula: (scoreftotal possible score)x100%. A higher score
indicates better performance in terms of understandability or
actionability, and results are presented as percentages.

Modified DISCERN

The DISCERN tool iswidely used to evaluate the quality and
reliability of health information in videos [30]. It has been
extensively applied across various video-sharing platforms,
including YouTube, TikTok, Kwai (Kuaishou Technology),
and Bilibili (Bilibili Inc) [15]. In China, it has been used to
assess hreast cancer educational videos on the Xigua Video
(ByteDance Ltd) platform [31]. This study used the modified
DISCERN (mDISCERN) scale, which is more suitable for
assessing health education in video format [32]. It includes 5
items, each rated as 1="agree” or 0="disagree.” A higher total
score reflects ahigher level of educational quality in the video.

Global Quality Score

The Global Quality Score (GQS) assesses the educational value
and overall quality of avideo. Scores range from 1 to 5, with
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higher scoresindicating better quality [33]. The scoring criteria
are as follows: each item israted as 1="poor,” indicating poor
quality and flow, with most information missing and limited
usefulness for patients, 2="fair,” indicating generally poor
quality and flow, with some information provided but many
important topics missing and limited usefulness for patients,
3="moderate,” indicating moderate quality and suboptimal flow,
with some important information adequately discussed and
others poorly addressed and with some usefulness for patients;
4="good,” indicating good quality and generally good flow,
with most relevant information covered although some topics
may be missing and with usefulness for patients, or
5="excellent,” indicating excellent quality and flow and high
usefulness for patient education.

The Journal of the American Medical Association
Benchmark Criteria

The Journal of the American Medical Association benchmark
criteria(JAMA-BC) focus on eval uating the reliability of videos
and associated platforms [34]. The assessment consists of 4
dimensions, with each criterion rated from Oto 4 points. A total
score of 16 indicates high quality, while 0 suggests|ow quality.
The4 criteriaare asfollows: authorship, which assesses whether
the video clearly identifies the authors and their affiliations,
with institutional credentials provided; attribution, which
assesses Whether the video clearly cites all sources of
information and references, including copyright statements,
disclosure, which assesses whether the video discloses
sponsorships, advertising, funding sources, or any potential
conflicts of interest; and currency, which assesses whether the
video clearly states the date of content creation and the most
recent update. Each criterionisscored asfollows: 0="Not met,”
1to 3="Partialy met,” and 4="Fully met.”

Quality Assessment Procedure

Three expertswith clinical backgroundsin breast medicinewere
recruited as raters to assess the quality of the included short
videos. Beforeformal scoring, al raters underwent standardized
training, which included an overview of breast cancer screening
guidelines, detailed instructions on the scoring tools, and access
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to the official documentation and websites for each instrument.
The 3 raters then synchronously evaluated arandomly selected
10% subset of videosto assess interrater variability and clarify
scoring ambiguities. Formal scoring commenced after sufficient
interrater reliability had been established. Interrater agreement
was evaluated using the intraclass correl ation coefficient (ICC)
during this process. The ICC among the 3 raterswas cal culated
for the 10% subset of samples. Once the ICC reached an
acceptable level, the remaining video samples were randomly
and equally distributed among the 3 ratersfor scoring. Asshown
in Multimedia Appendix 2, the instrument-specific ICC results
for the pilot subset indicated that the ICC values for al tools
were acceptable.

Statistical Analysis

Datawere managed using REDCap (Vanderbilt University) and
analyzed using SPSS (version 27; IBM Corp). Because viewer
engagement metrics and quality scores were not normally
distributed, continuous variables were summarized as medians
and IQRs. Categorical data were summarized as frequencies
(n) and percentages (%). Between-platform differences were
tested using Kruska -Wallistestswith Dunn-Bonferroni pairwise
comparisons for continuous variables and chi-square or Fisher
exact testsfor categorical variables. Spearman rank correlation
was used to evaluate the relationships between engagement
metrics and quality scores. Statistical significance was set at
a=.05.

Ethical Considerations

Ethics approval was not required for this study because it
analyzed publicly ble videos and nonidentifiable platform
data, involved no interaction with users or intervene with human
participants. All data were deidentified before anaysis,
usernames and other direct identifierswere not retained. Privacy
and confidentiality were maintained throughout data collection,
analysis.

Results

Descriptive Analysisof Breast Cancer Screening Short
Videos

Regarding video length (seconds), the median duration of breast
cancer screening short videos on TikTok was 34.00 (IQR
15.50-61.75) seconds, compared with 53.03 (IQR 25.38-75.97)
seconds on Kuaishou and 69.07 (IQR 41.52-86.94) seconds on
Douyin (Douyin vs TikTok: P<.001; Kuaishou vs TikTok:
P=.007). Videos on Douyin were significantly longer than those
on Kuaishou and TikTok. Concerning the date of posting (days
since posting), the median valueswere 416 (IQR 175.00-720.50)
days ago for Kuaishou, 404.50 (IQR 262.00-711.25) days ago
for TikTok, and 247 (IQR 127.50-558.50) days ago for Douyin,
indicating that videos on Douyin were significantly newer than
those on Kuaishou and TikTok (Kuaishou vs Douyin: P=.014;
Douyin vs TikTok: P=.009).

The subtitle use rate was 94.1% (80/85) on Douyin, while only
54.8% (46/84) of TikTok videos included subtitles. The use of
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enhanced text (eg, supplementary captions and keyword
annotations) was similar on Kuaishou and Douyin
(approximately 50%) but lower on TikTok (17/84, 20.2%). For
voice-oversor dubbing, Douyin had the highest userate (78/85,
91.8%), compared to 66.7% (56/84) on TikTok. The proportions
of videos with background music on Kuaishou, Douyin, and
TikTok were 64% (57/89), 68.2% (58/85), and 53.6% (45/84),
respectively.

Regarding presentation format, verbal presentation or speaking
was the most common video type across al 3 platforms,
particularly on Kuaishou (70/89, 78.7%) and Douyin (47/85,
55.3%). TikTok exhibited greater diversity in video types, with
proportions of documentary (20/84, 23.8%) and
performance-based (13/84, 15.5%) content than those on the
other platforms. Basic characteristics of the short videos are
detailed in Multimedia Appendix 3.

Video Quality and Viewer Engagement Metrics

Kolmogorov-Smirnov tests indicated that viewer engagement
metrics across the 3 platforms were nonnormally distributed
(P<.001). The number of likes for searched breast cancer
screening videos on Kuai shou was significantly lower than that
on Douyin and TikTok. The median number of likes was 102
(IQR 20-424) for Kuaishou. The median numbers of likes for
Douyin and TikTok were 334 (IQR 80-1755) and 634 (IQR
163.25-7651.50), respectively (P<.001). The median number
of likes per 30 days for Kuaishou, Douyin, and TikTok were
10.30 (IQR 2.22-35.14), 40.57 (IQR 10.59-245.91), and 73.34
(IQR 13.08-361.61), respectively, indicating that the number
of likes per 30 days on Kuaishou was significantly lower than
that on Douyin and TikTok as well (P<.001). Similar trends
were observed for comments and collections (including the
corresponding per-30-days metrics), with Kuaishou's audience
engagement data being significantly lower than those of the
other platforms. For example, collections per 30 days on
Kuaishou was significantly lower than that on Douyin and
TikTok (Kuaishou vs TikTok: P<.001; Kuaishou vs Douyin:
P<.001). Detailed viewer engagement metrics are presented in
Multimedia Appendix 4.

Significant differences in video quality were observed among
TikTok, Douyin, and Kuaishou. Video quality scoreson TikTok
were significantly lower than those on Kuaishou and Douyin.
TikTok scored lower particularly on the mDISCERN, GQS,
and JAMA-BC scales. The median mDISCERN score was 1.50
(IQR 1.00-2.00) for TikTok compared to 3.00 (IQR 2.00-3.00)
for both Kuaishou and Douyin (P<.001). The median GQS score
was 2.00 (IQR 2.00-3.00) for TikTok vs3.00 for both Kuaishou
(IQR 3.00-3.50) and Douyin (IQR 2.50-4.00; P<.001). The
median JAMA-BC score was 10.00 (IQR 8.25-12.00) for
TikTok, lower than the median scores of 12.00 for both
Kuaishou (IQR 10.00-14.00) and Douyin (IQR 10.00-12.00;
P<.001). TikTok's Patient Education Materials Assessment
Tool for Audiovisual Materials-Actionability (PEMAT-A)
scoreswas also significantly lower (Douyin vs TikTok: P=.002;
Kuaishou vs TikTok: P=.02), as shown in Table 2.
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Table 2. Quality assessment of breast cancer screening short videos on Kuaishou, Douyin, and TikTok (N=258).
Quiality assessment Kuaishou (n=89) Douyin (n=85) TikTok (n=84) P value
tools
Score, median  Score, Score, median  Score, Score, median  Score,
(IQR) range (IQR) range (IQR) range K-D2 D-TP K-T¢
PEMAT-UY 0.75(0.70-0.89) 0-1 0.71(0.60-0.86) 0.2-1 0.67(0.46-0.86) 0-1 .05 19 .001
PEMAT-A® 0.67(0.67-1.00) 0-1 0.67(0.67-1.00) 0-1 0.67(0.33-1.00) 0O-1 42 .002 .02
mDISCERN' 3.00(2.00-3.00) 0-4 3.00(2.00-3.000 0-4 150(1.00-2.00) 0-4 .09 <.001 <.001
GQSY 3.00(3.00-3.50) 1-5 3.00(2.50-4.00) 1-5 2.00(2.00-3.00) 1-4 .82 <.001 <.001
JAMA-BCP 12.00 (10.00- 7-15 12.00 (10.00-  5-16 10.00 (8.25- 7-14 .30 <.001 <.001
14.00) 12.00) 12.00)
3 -D: Kuaishou vs Douyin.
bD-T: Douyin vs TikTok.
®K-T: Kuaishou vs TikTok.
dPEMAT-U: Patient Education Materials Assessment Tool for Audiovisual Materials-Understandability.
EPEMAT-A: Patient Education Materials Assessment Tool for Audiovisual Materials-Actionability.
fmDISCERN: modified DISCERN.
9GQS: Globa Quality Score.
NIAMA-BC: Journal of the American Medical Association benchmark criteria.
Materials Assessment Tool for Audiovisua

Video Uploader Characteristics

Uploader characteristics differed significantly across the 3
platforms. The median follower counts were 47,000 (IQR
11,000-201,000) for Kuaishou, 17,000 (IQR 2654-99,250) for
Douyin, and 13,800 (IQR 1772-146,375) for TikTok. As some
accounts on al 3 platforms do not display exact follower
numbers, these figures are approximations.

Mann-Whitney U tests revealed no statistically significant
differencesin likes (P=.35), comments (P=.07), or collections
(P=.10) between videos uploaded by verified and unverified
authors (P=.05) among all short videos. However, significant
differences were found in quality scores for Patient Education

https://infodemiol ogy.jmir.org/2026/1/€91852

Materials-Understandability (PEMAT-U; P=.002), PEMAT-A
(P<.001), mDISCERN (P<.001), GQS (P<.001), and JAMA-BC
(P<.001), all favoring videos from verified uploaders. The
number of verified uploaders on Douyin was 58 (87.88%),
whereas only 9 (12.5%) were verified on TikTok. Regarding
uploader type (self-proclaimed), the number of health care
professionals among breast cancer screening video uploaders
was 56 (81.2%) on Kuaishou and 49 (74.2%) on Douyin, while
it was 13 (18.1%) on TikTok. The number of self-media
uploaders on TikTok, Douyin, and Kuaishou was 33 (45.8%),
7 (10.6%), and 6 (8.7%), respectively (Figure 2). Detailed
uploader characteristics are provided in Multimedia Appendix
5.
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Figure 2. Uploader type for breast cancer screening short videos on Kuaishou, Douyin, and TikTok.
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C_orrelatlon Analysis Betvyeen Video Quality and collections and PEMAT-A were not statistically significant (all
Viewer Engagement Metrics P>.05). The remaining correlations between audience
Viewer engagement metrics (likes/30 days, comments/30 days,  engagement metricsand video quality scoreswere significantly
and collections/30 days) across the 3 platforms showed negative, asshownin Figure 3. Independent analyses conducted
nonsignificant or negative correlationswith video quality scores  acrossthe 3 platformsalso indicated similar results (Multimedia
(PEMAT-U, PEMAT-A, mDISCERN, GQS, and JAMA-BC). Appendix 6).

Specifically, correlations between likes and PEMAT-U,
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Figure 3. Correlations between viewer engagement metrics and quality scores for breast cancer screening short videos on Kuaishou, Douyin, and
TikTok. GQS: Global Quality Score; JAMA-BC: Journal of the American Medical Association Benchmark Criteria; mDISCERN: modified DISCERN;
PEMAT-A: Patient Education Materials Assessment Tool for Audiovisual Materials-Actionability; PEMAT-U: Patient Education Materials Assessment

Tool for Audiovisual Materials-Understandability.
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Principal Findings

This study provides a comprehensive cross-platform analysis
of breast cancer screening short videos on TikTok, Douyin, and
Kuaishou, revealing significant disparities in video
characteristics, uploader profiles, quality, and viewer
engagement. The key findings indicate that TikTok videos
generaly exhibited lower quality scores across multiple
validated assessment tools (MDISCERN, GQS, and JAMA-BC)
than their counterparts on Douyin and Kuaishou. Furthermore,
uploader demographics differed substantially, with health care
professionals dominating content creation on Douyin and
Kuaishou, while self-media creators were more prevalent on
TikTok. A critical and concerning finding across all platforms
was the lack of a correlation—and often a negative
one—between video quality and viewer engagement.

The inferior quality of breast cancer screening information on
TikTok, as measured by standardized instruments, is a primary
concern. These tools assess aspects such as information
reliability and clarity, which are crucid for health
communication. This discrepancy may be intrinsically linked
to the divergent uploader ecosystems or retrieval weighting.
Theresult showsthat amajority of uploaderson Douyin (49/66,
74.2%) and Kuaishou (56/69, 81.1%) were health care
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RenderX

(13/72) of the sample. Instead, nearly half (33/72, 45.8%) of
TikTok uploaderswere self-mediacreators. Although self-media
creators do not inherently produce lower-quality content, they
may prioritize virality, entertainment value, or simplified
messaging over scientific rigor and comprehensiveness,
potentially at the expense of informational quality and
comprehensiveness. This aligns with the observed platform
differencesin video types, where TikTok featured more diverse
but potentially lessinformative formats such as documentaries
and performances, whereas Douyin and Kuaishou were
dominated by direct verbal presentations. Interrater reliability
varied across assessment instruments (Multimedia Appendix
2). PEMAT-A (ICC 0.641) and GQS (ICC 0.712) showed
acceptable and moderate reliability, respectively, whereas the
remaining instruments showed good reliability (all |CCs>0.80).
These differences should be considered when interpreting the
findings, particularly those based on PEMAT-A and GQS, which
may be more susceptible to variability between raters.

The contrast in uploader verification systems between the
platforms offers a plausible explanation for the gap in
professional creators and video quality. Douyin and Kuaishou
require stringent documentation, such as medical practitioner
qualification and practice certificates, which explicitly verify a
user's medical credentials and are often displayed on their
profile. This creates an environment conducive to participation
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by legitimate hedth professionals. In contrast, TikTok's
verification process, while it grants a “verified” badge, is less
specific to hedth care credentials and discloses limited
professional details. This study found a mere 9 verified
uploadersin the TikTok sample. Crucially, although verification
status itself did not correlate directly with higher viewer
engagement in our study, videos from verified accounts
demonstrated significantly superior quality scores (PEMAT-U,
PEMAT-A, mDISCERN, GQS, and JAMA-BC). This finding
is consistent with prior research [35] and strongly suggests that
platforms can foster higher-quality health information
ecosystems by implementing robust verification processes that
authenticate health care professional expertise and by
algorithmically promoting content from these certified sources.

The most paradoxical finding of this study is the inverse
relationship observed between video quality and viewer
engagement across platforms. Higher-quality videos, as
objectively assessed, did not trandateinto morelikes, comments,
or collections per 30 days. This phenomenon is not isolated;
previous studies on other medical topics, such as gallstones
[26], laryngeal carcinoma [24], and liver cancer [35], have
reported similar null or negative correlations between quality
and engagement on platforms such as YouTube, Bilibili, and
TikTok. Our results reinforce this concerning trend across
multiple platforms and linguistic contexts. This underscores a
fundamental challenge in digital health communication: the
factorsdriving agorithmic recommendation and user interaction
on short video platforms—such as emotiona appeal,
entertainment  value, narrative pacing, and trend
adherence—may not align with, and can even run counter to,
the principles of high-quality, evidence-based health
information.

Thismisalignment createsasignificant barrier to effective public
health messaging. It impliesthat simply producing accurate and
comprehensive content isinsufficient for achieving broad reach
and impact. Content creators, particularly health care
professionals who are well-positioned to provide reliable
information, should therefore be encouraged to develop skills
and knowledge related to short video production and media
communication. This involves skillfully blending scientific
accuracy with compelling storytelling, high-quality visual
production, and an understanding of platform-specific agorithms
and user preferences. Fortunately, policy-driven initiatives in
China have helped cultivate a substantial base of health
professional creators on Douyin and Kuaishou. The next
imperative step is to equip these professionals with targeted,
multidisciplinary training that merges core public health
communication principles with practical media production and
digital marketing skills. Such interventions are essential to
bridge the gap between quality and engagement, ensuring that
the most credible health information can also become the most
visible and influential.
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Limitations

Thisstudy has several limitations. First, the comparisonincluded
2 Chinese-language platformsand 1 English-language platform.
These platforms differ in user populations, language context,
platform governance, and country-specific screening
recommendations; therefore, the findings should be interpreted
as differences in observed platform information environments
rather than direct comparisons of national guideline adherence.
Second, the sample of the top 100 videos per platform was
pragmatic and visibility-oriented rather than based on saturation
or a formal sample size calculation. The sample reflects the
specified search conditions, and differencesin platform ranking
mechanisms may affect which videos areincluded. Additionaly,
the video samples screened in this study were not tested
repeatedly using multiple newly registered accounts but were
obtained from a single standard data collection process.
Although we made an effort to minimize the influence of
external conditions and personalization factors, the random
nature of theretrieval algorithm suggeststhat its reproducibility
is limited. Third, although we coded selected content and
presentation characteristics, evidence use, and uploader
credentials, we did not systematically analyze specific screening
messages against a defined clinical reference standard. Future
mixed methods research should combine thematic analysiswith
guideline-based assessment of individual claims to examine
these aspects. Furthermore, widely used tools such as
mDISCERN, GQS, and JAMA-BC werenot originally designed
specifically for short-form audiovisual health communication,
and some tools showed only moderate interrater reliability. For
example, the JAMA-BC was developed for web-based health
information [34], whereas the origina DISCERN instrument
was developed for written health information [30]. A scoping
review on health video quality research al so suggested that their
ability to assess key elements unique to short videos, such as
narrativelogic, visual presentation, and interactive design, may
be inadequate [15]. Finaly, platform restrictions and privacy
limitations prevented collection of some data, such as precise
view counts and exact follower numbers for al accounts.

Conclusions

Thisstudy analyzed atotal of 258 breast cancer screening short
videos from 3 platforms (TikTok, Douyin, and Kuaishou),
examining basic characteristics, viewer engagement metrics,
video quality, and uploader characteristics. Overal, video
quality on TikTok was significantly lower than that on Kuai shou
and Douyin. Breast cancer screening videos on Douyin and
Kuaishou were primarily uploaded by health care professionals,
whereas TikTok content was dominated by self-media creators.
The study highlights a key chalenge common across the 3
platforms: higher-quality short videos were associated with
lower viewer engagement (likes, comments, and collections).
Patformsand/or policies should provide higher search visibility
and greater traffic to creators with professional backgrounds.
Furthermore, these creators urgently require targeted,
multidisciplinary  training and intervention integrating
communication science and media skills.
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