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Abstract
Background: The spread of misinformation during the COVID-19 pandemic highlighted the importance of evidence-based
information. The SANGYAN podcast promotes evidence-based knowledge on health-related issues in multiple languages in
a simple, cost-effective, and concise manner. This provides individuals access to the appropriate information in an accessible
manner.
Objective: The study’s goal is to assess user preferences for health information on a digital health platform designed to
address COVID-19 misinformation.
Methods: SANGYAN was developed by integrating the principles of social cognitive theory and information processing
theory. The SANGYAN podcast was created to promote the importance of evidence-based information in order to address
the spread of misinformation. The study design was a quasi-experimental study; prior to introducing the SANGYAN podcast,
participants’ sociodemographic information was collected, and health literacy was assessed using the Rapid Estimate of Adult
Literacy in Medicine, Revised scale. After listening to the podcast, participants were interviewed about its usability, and they
completed the System Usability Scale and the Client Satisfaction Questionnaire - 8. Data were collected from a total of 500
participants, 250 each from the Rural Health Training Center and Panimalar Medical College Hospital & Research Institute.
The participants were older than 18 years when they were included. Descriptive and bivariate analyses were performed.
Results: A total of 500 participants were enrolled in the study, 50% (250/500) from rural areas and 50% (250/500) from urban
areas. The majority of the participants were 45 years to 64 years old (155/500, 31%), were women (289/500, 57.8%), had poor
health literacy (384/500, 76.8%), and had a high school education or less than a high school certification (241/500, 48.2%).
The mean overall System Usability System score was 70.9 (SD 17.73), with those aged 18 years to 24 years having the highest
mean score (81.2, SD 15.48). High user satisfaction was present, with 97.6% (487/499) obtaining the desired information from
the platform.
Conclusions: The study revealed that the SANGYAN podcast provides information to diverse individuals, as it is multilin-
gual, and was found useful by the participants.
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Introduction
Background
SARS-CoV-2, a new coronavirus, spread rapidly throughout
the world. More than 200 countries and territories have been
impacted by COVID-19, which started in 2019 and is still
having an impact [1]. Low- and middle-income countries
(LMIC) were severely impacted during the pandemic in
comparison with higher-income countries [2]. Along with the
spread of the virus, there was arapid circulation of misleading
information on social media platforms [3].

In 1918, the influenza pandemic affected one-third of
the global population and resulted in 50 million deaths
worldwide. During that time, medical therapies, countermeas-
ures, and information exchange or public health platforms
were primarily accomplished via telephone, mail, or person-
to-person interactions [4]. Currently, with more than 2.9
billion people using social media globally on a regular basis,
information sharing has increased significantly [5,6]. Digital
media was the primary means of disseminating COVID-19
information [7]. At the same time, digital media has resulted
in the both knowing and unknowing spread of misleading
and false information, which can influence public opinions
and behaviors and have serious consequences by positively
or negatively manipulating the common person’s perspective
[8]. Unfortunately, this has led to people trying harmful
remedies and the creation of fear and mistrust [7,9].

LMIC in particular faced unique challenges due to limited
resources, poor infrastructure, unregulated social media, and
a lack of crisis communication, all of which contributed to
obscuring knowledge of COVID-19, panic, and confusion
in these regions [10,11]. Misinformation was widespread
through social media platforms such as Facebook, Twitter,
and online newspapers [12]. Related literature showed that
misinformation can induce anxiety, fear, and mistrust in
reliable organizations through the sharing of critical and
negative opinions [13]. There is evidence that misleading
information is likely to spread more rapidly when finding
reliable knowledge is hard and when people have low trust on
the information sources accessible to them. It is important to
understand that COVID-19–related information and myths are
not simple enough for the general public to distinguish [14].

The World Health Organization (WHO) addressed digital
health as a global strategy and defined digital health as “the
field of knowledge and practice associated with the devel-
opment and use of digital technologies to improve health”
[15]. Although digital technologies have amplified misinfor-
mation, they can also be a source of solutions [14]. One such
promising approach is the use of a targeted podcast that is
contextually relevant and regionally tailored.

Digital communication technologies play a vital role in
health communications and can transmit health promotion

into knowledge translation in communities for public health
and global health practice [16,17]. Podcasts are an effec-
tive and practical strategy for delivering and disseminating
quality health-related information to the public [18]. They
are a valuable resource because they provide participants
with unrestricted access to necessary information in a simple,
effective, and concise format [19]. Several studies have
investigated the acceptability or feasibility of this mode of
learning, but limited research has been conducted on the use
of podcasts as a knowledge-sharing medium or platform [20].
The COVID-19 pandemic increased the number of podcast
users in India, which reached up to 29.3% [21]. Podcasts
enable the rapid dissemination of up-to-date information and
provide listeners with a wide range of perspectives (eg,
patient perspective) [22]. The development of audio or visual
material for a listenership that wants to hear what they want,
when they want, where they want, and how they want is at the
core of podcasting [23].

In response to the increasing need for efficient health
communication strategies, our study introduces SANGYAN
(Multimedia Appendices 1 and 2) as a multilingual, inter-
active, decision-making, educational audio (IDEA) pod-
cast designed to deliver and disseminate evidence-based
COVID-19 and other health-related information in a format
that is easy to understand. It takes into consideration the
health literacy and cultural and contextual relevance of
the populations living in urban and rural regions of Tamil
Nadu, in the southern state of India. The study assessed the
usefulness of this digital health platform.
SANGYAN Podcast as a Digital Health
Platform to Deliver Evidence-Based
Health Information
The importance of leveraging digital technologies to fight
against infodemics has been well recognized. Recommen-
dations include creating educational materials, increasing
the dissemination of evidence-based science, correcting
behaviors, and encouraging healthy practices to address
current misconceptions. SANGYAN is one such podcast-
based digital platform that is evidence-based and encour-
ages healthy practices (Figure 1) [24]. Previous studies have
also recognized podcasts as a suitable source to disseminate
information to improve the knowledge of their participants;
similarly, SANGYAN aims to debunk misinformation at a
large scale [25-27]. The SANGYAN podcast study engaged
500 study participants, 250 from rural and 250 from urban
areas. The initiative aimed to promote accurate information
dissemination to the public to prevent misinterpretation. The
podcast does not require internet access, making it suitable
for use in rural areas with limited connectivity. An open
booth was established on the hospital premises, ensuring
visibility to patients, relatives, and health care professionals
visiting the facility. The study was self-funded and conducted
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in collaboration with Panimalar Medical College Hospital &
Research Institute (PMCHRI).

Figure 1. A multilingual, interactive, decision-making, educational audio (IDEA) podcast called SANGYAN[28].

Design and development of SANGYAN [28] involved
creating a multilingual, IDEA podcast aiming to deliver
evidence-based health information to individuals and the
community in a clear, reliable, easy-to-understand, and
culturally relevant manner. Additionally, listeners can access
it easily, as it offers a free subscription and free audio
download service [28] as an innovative multilingual platform
designed to prevent the spread of misinformation and
provide accurate information to the public. The platform was
developed by a multidisciplinary team including experienced
health care professionals such as nutritionists, public health
professionals, and medical professionals who contributed
comprehensive knowledge on various topics tailored to the
needs and requirements of the community. Additionally,
the communication team was responsible for collecting and
disseminating health care information as well as editing
audio content, while the informatics team ensured technical
compliance and quality standards. Some episodes feature
expert-to-expert discussions, while most include audience
questions, making the SANGYAN podcasts an engaging and
interactive educational tool.

SANGYAN was developed combining the principles of
social cognitive theory (SCT) and information processing
theory. SCT is a contemporary learning theory positing
interactions among behavioral, social, and environmental
factors that collectively influence human behavior. It provides
a framework for understanding how individuals respond
to and engage with learning opportunities, motivation, and
self-regulation. In our context, we applied this theory to
address societal misconceptions about various noncommuni-
cable diseases (NCDs), COVID-19, and related health issues,
with the goal of increasing public awareness. By leverag-
ing the principles of SCT, we aimed to improve environ-
mental factors by providing evidence-based information and
enhancing knowledge, thereby counteracting misinformation
[29-31]. Information processing theory aims to elucidate the

mechanisms underlying human information processing, rather
than solely describing behavioral responses to environmental
stimuli. It posits that cognitive development is not merely a
sequential progression toward a specific outcome but is also
modulated by internal thoughts, prior experiences, sensory
input, and perceptual processes. Additionally, it highlights
the significant role of social and cultural factors in shaping
cognition and learning paradigms. In addition, using the
principles of information processing theory, it uses the fact
that listening to podcasts helps process the information as
a sensory input, which is further processed into short-term
memory then saved as a long-term memory in the brain due to
the fact that the information is important [32-34].

SANGYAN consists of podcasts broadly on the categories
of COVID-19, NCDs, and menstrual practices. SANGYAN
provides evidence-based information created by public health
experts for all health topics such as diabetes, hyperten-
sion, stress, and obesity in an interactive, multilingual way.
Currently, SANGYAN is available in English, Tamil, Telugu,
Hindi, Gujarati, Kannada, and Malayalam.

This study represents a novel approach with the aim
of addressing the critical impact of health misinformation,
especially during the COVID-19 pandemic, by establishing
the effectiveness of the multilingual podcast SANGYAN as a
digital health tool for disseminating evidence-based informa-
tion across various educational backgrounds and socioeco-
nomic groups. Unlike traditional methods or internet-based
methods, our study aimed to use podcasts to increase access
to health care information without the use of the internet,
even in most rural areas, in addition to being user-friendly
and culturally appropriate. The quasi-experimental design
addresses three key challenges: health equity, knowledge
misinterpretation, and accessibility barriers. This study
uniquely highlights the potential of audio-based learning
systems, especially among a population with poor literacy
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and who is digitally naive, for enhancing equitable access to
reliable health information.

Methods
Study Design
This pre-post, quasi-experimental study was conducted from
June 2022 through August 2022 in the PMCHRI and Rural
Health Training Centre (RHTC) in Chennai. Individuals
present at these locations were approached and provided
with a briefing of the study, and those who consented were
included as participants. Each participant enrolled in the study
was oriented on how to use the platform, after which the
participants self-navigated the platform, selected any topic of
interest, and listened to the audio podcast in a multilingual
setting, based on their interest, relevance, and preferences
including preferred language.

For this study, using the intervention was defined as
accessing and listening to the SANGYAN podcast at least
once as well as completing the postuse questionnaire. The
SANGYAN platform is an open digital health platform.
The podcast covered several COVID-19 topics, with all
evidence-based health information created by public health
experts in an interactive, multilingual format. The goal was to
deliver and disseminate COVID-19–related health informa-
tion to individuals and communities living in urban and rural
settings in the most accurate and reliable manner and address
any misinformation they might have regarding COVID-19.
Satisfaction and usefulness of the SANGYAN podcast were
assessed using the Client Satisfaction Questionnaire - 8
(CSQ-8) [35] and System Usability Scale (SUS) [36].
Study Setting
The study was conducted in the RHTC, Thiruvallur District,
Tamil Nadu, and PMCHRI, Chennai, Tamil Nadu.
Sampling and Sample Size
A total sample of 500 individuals (n=250 each at the
PMCHRI and RHTC) aged at least 18 years were selected
using a convenience sampling method.
Data Collection Process
The data collectors received 1 day of intensive training on
the data collection process. The data collectors received a
brief orientation on how to obtain informed consent and use
the health literacy scale (Rapid Estimate of Adult Literacy
in Medicine, Revised [REALM-R] examiner record) [37,38],
SUS [36], and CSQ-8 [35]. To ensure the study’s consistency,
one episode of the SANGYAN podcast series was shared
with the research team. Furthermore, the team was trained in
the local Indian dialect Tamil as well as English.
Ethical Considerations
Institutional ethical clearance was provided by the PMCHRI
Institutional Human Ethics Committee (CDSCO registra-
tion number ECR/1399/Inst/TN/2020 with approval number
PMCH&RI/IHEC/2021/037 dated January 13, 2021). The

study was conducted according to the guidelines set forth in
the Declaration of Helsinki [39].

Written informed consent was obtained from each
participant. For cases of illiteracy, the consent form was read
to the participant, then written consent was sought. Complete
confidentiality of information collected from participants
was ensured. Data security was maintained through regular
backups of all computers, and data files were kept password-
protected. Participants were not given special incentives in
cash or kind for participation in the study. As the study
contributed to knowledge, there was no risk involved in
participating in the study at any time.
Variables and Measurements
Data were gathered in 2 stages. The first stage occurred
prior to listening to the podcast and included data collection
regarding sociodemographic characteristics, health literacy,
and any prior use of podcasts or other digital medium for
acquiring health information. The second stage included the
collection of information after the participants listened to the
podcast. This included the SUS to assess the usability and
acceptance of the SANGYAN podcast and CSQ-8 to assess
satisfaction with using the SANGYAN podcast as a digi-
tal health intervention to acquire evidence-based, accurate,
and reliable health information in a format that is easy to
understand. Individuals were asked to provide their feedback
after listening to the same episode of the SANGYAN podcast
to ensure consistency. Each of these variables are described
in detail in the following paragraphs and in Multimedia
Appendix 3.

Sociodemographic information included age, gender,
education level, religion, region of residence, and employ-
ment status.

The REALM-R examiner record was also used to evaluate
participants’ health literacy. It is an updated tool for
estimating adult literacy in medicine. It is an 11-item word
recognition test that is used to identify people who are at risk
of having poor literacy skills [37,38].

To assess the use of podcasts or other media for health
information, participants were asked about their prior use of
podcasts to acquire health information.

The SUS measures the acceptance and usability of
a system using a subjective assessment of 10 usability
statements. Responses consist of 5 options, from strong
agreement to strong disagreement [36]. The SUS scores
were calculated with reference to the guidance outlined by
Sauro [40]. The scores for each question were converted to a
new number (ie, the questionnaire consisted of 10 questions
that are answered on a 5-point Likert scale ranging from
strongly disagree to strongly agree). On the SUS, odd-num-
bered statements (1, 3, 5, 7, 9) are positively expressed, and
even-numbered statements (2, 4, 6, 8, 10) are negatively
expressed. The responses were summed then multiplied by
2.5 to convert the original scores, which range from 0 to 40,
to a range of 0 to 100. We interpreted the SUS scores using
a cutoff of 68, with a score greater than 68 indicating average
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performance and a score less than 68 considered to be below
average.

User satisfaction was assessed using the CSQ-8, which
consists of 8 items and assessed general satisfaction of
individuals after using the podcast [35]. The questions collect
respondents’ opinions and conclusions about services they
have received. Response options differ by item, but they are
all based on a 4-point scale.
Data Analysis
Descriptive analysis was conducted to outline the percen-
tages and frequencies of the variables. Exploratory bivari-
ate analysis was conducted to understand the correlations
between sociodemographic features and their perceptions, the
usefulness of the podcast, and acceptance of the podcast. No
further adjusted nor multivariate analyses were conducted.
A P value <.05 was considered significant, with 95% CIs.
also considered All analyses were performed using SPSS v.24
(IBM Corp).

Results
Sociodemographic Details of the Study
Participants
The study involved 500 participants, with 250 each from
the PMCHRI, Chennai, Tamil Nadu (urban setting), and the
RHTC, Thiruvallur District (rural setting). The majority of
the participants (155/500, 31%) were in the age group of 45
years to 64 years old and were women (289/500, 57.8%).
In addition, 11.8% (59/500) had no formal education, 44.6%
(223/500) were employed, and more than one-half (384/500,
76.8%) had poor health literacy (Table 1). Rural and urban
comparisons showed that a higher percentage of participants
from rural settings had no formal education than those living
in urban settings (45/250, 18% versus 14/250, 5.6%). A
similar disparity in health literacy status was observed, with
a higher proportion of participants living in rural settings
having poor health literacy than those living in urban settings
(217/250, 86.8% versus 167/250, 66.8%; Table 1).

Table 1. Sociodemographic characteristic of the participants according to region of residence.

Variables
Total sample
(N=500), n (%)

Rural-dwelling participants
(n=250), n (%)

Urban-dwelling
participants (n=250), n
(%)

Age group (years)
  18‐24 76 (15.2) 26 (10.4) 50 (20)
  25‐35 138 (27.6) 76 (30.4) 62 (24.8)
  36‐44 105 (21) 49 (19.6) 56 (22.4)
  45‐64 155 (31) 87 (34.8) 68 (27.2)
  ≥65 26 (5.2) 12 (4.8) 14 (5.6)
Gender
  Male 211 (42.2) 97 (38.8) 114 (45.6)
  Female 289 (57.8) 153 (61.2) 136 (54.4)
Educational level
  No formal education 59 (11.8) 45 (18) 14 (5.6)
  High school or less than high school certification 241 (48.2) 148 (59.2) 93 (37.2)
  Graduate and higher 168 (33.6) 43 (17.2) 125 (50)
  Intermediate or diploma 32 (6.4) 14 (5.6) 18 (7.2)
Employment status
  Employed 253 (50.6) 110 (44) 143 (57.2)
  Homemaker 110 (22) 78 (31.2) 32 (12.8)
  Unemployed 98 (19.6) 50 (20) 48 (19.2)
  Other (retired, n=14; student, n=24; lost job due to COVID-19, n=1) 39 (7.8) 12 (4.8) 27 (10.8)
Religion
  Christian 50 (10) 21 (8.4) 29 (11.6)
  Hindu 434 (86.8) 223 (89.2) 211 (84.4)
  Muslim 10 (2) 4 (1.6) 6 (2.4)
  Unwilling to disclose 6 (1.2) 2 (0.8) 4 (1.6)
Health literacy (REALM-Ra)
  Adequate health literacy 116 (23.2) 33 (13.2) 83 (33.2)
  Poor health literacy 384 (76.8) 217 (86.8) 167 (66.8)

aREALM-R: Rapid Estimate of Adult Literacy in Medicine, Revised.
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Assessment of Health Literacy Using the
REALM-R
The REALM-R was used to assess participants’ familiar-
ity with medical jargon and to identify those at risk of
poor health literacy. According to REALM-R grading, those
who obtained a score ≤6 were considered to have poor
health literacy, whereas those with a score >6 were consid-
ered to have adequate health literacy [38]. Table 1 shows
that, overall, 76.8% (384/500) of the respondents found it
challenging to read the REALM-R chart’s medical terminol-
ogies, while 23.2% (116/500) of respondents had adequate
health literacy levels. The table also shows differences in
health literacy levels between rural and urban settings; 86.8%
(217/250) of rural residents and 66.8% (167/250) of urban
residents had poor health literacy.
Difference Between the Use of the
Podcast or Other Medium to Access
Relevant Health Information
Approximately 89.6% (443/500) of the total sample repor-
ted that they had never used nor heard of a podcast, with

81.2% (203/250) of urban residents and 96% (240/250) of
rural residents indicating the same. Only 17.6% (44/250)
of urban-dwelling participants and 3.2% (8/250) of rural-
dwelling participants used podcasts to access relevant health
information. Around 90.4% (24/250) of participants from
rural areas and 80% (200/250) of urban-dwelling participants
said they did not use any app to receive pertinent health-
related information. However, 97.4% (487/500) of the study
participants believed that SANGYAN podcasts gave them
the necessary, pertinent information (Table 2), and 97.7%
(375/379) of the participants with poor literacy felt that the
podcast provided relevant information.

Table 2. Sociodemographic characteristics and their relationship with health information access.

Sociodemographic variables

SANGYAN podcasts
provided you with
relevant information
(yes), n (%)

Used
podcasts
before
(yes), n (%)

Use podcasts for
health-related
information (yes),
n (%)

Use SMS for
health-related
information
(yes), n (%)

Use WhatsApp for
health-related
information (yes),
n (%)

Use any app for
health-related
information (yes),
n (%)

Total sample (N=500) 487 (97.4) 52 (10.4) 152 (30.4) 76 (15.2) 108 (21.6) 74 (14.8)
Geographic setting
  Urban (n=250) 241 (96.4) 44 (17.6) 29 (11.6) 68 (27.2) 78 (31.2) 50 (20)
  Rural (n=250) 246 (98.4) 8 (3.2) 123 (49.2) 8 (3.2) 30 (12) 24 (9.6)
Age group (years)
  18‐24 (n=76) 73 (96.1) 13 (17.1) 15 (19.7) 16 (21.1) 16 (21.1) 13 (17.1)
  25‐35 (n=138) 133 (96.4) 8 (5.8) 55 (39.9) 15 (10.9) 34 (24.6) 30 (21.7)
  36‐44 (n=105) 103 (98.1) 13 (12.4) 41 (39) 15 (14.3) 27 (25.7) 17 (16.2)
  45‐64 (n=155) 155 (100) 17 (11) 39 (25.2) 27 (17.4) 28 (18.1) 12 (7.7)
  ≥65 (n=26) 23 (88.5) 1 (3.8) 2 (7.7) 3 (11.5) 3 (11.5) 2 (7.7)
Gender
  Female (n=289) 283 (97.9) 28 (69.7) 105 (36.3) 46 (15.9) 59 (20.4) 36 (12.5)
  Male (n=211) 204 (96.7) 24 (11.4) 47 (22.3) 30 (14.2) 49 (23.2) 38 (18)
Educational level
  No formal education (n=59) 57 (96.6) 3 (5.1) 13 (22) 1 (1.7) 2 (3.4) 0 (0)
  High school or less than high

school certification (n=241)
236 (97.9) 8 (3.3) 118 (49) 29 (12) 79 (32.8) 15 (6.2)

  Graduate and higher (n=168) 163 (97) 39 (23.2) 40 (23.8) 41 (24.4) 66 (39.3) 53 (31.5)
  Intermediate or diploma

(n=32)
31 (96.9) 2 (6.3) 4 (12.5) 5 (15.6) 7 (21.9) 6 (18.8)

REALM-Ra

  Poor health literacy (n=384) 375 (97.7) 23 (6) 127 (33.1) 51 (13.3) 61 (15.9) 29 (7.6)
  Adequate health literacy

(n=116)
112 (96.6) 29 (25) 25 (21.6) 25 (21.6) 47 (40.5) 45 (38.8)

Employment status
  Employed (n=253) 246 (97.2) 34 (13.4) 67 (26.5) 45 (17.8) 69 (27.3) 55 (21.7)
  Homemaker (n=110) 107 (97.3) 6 (5.5) 59 (53.6) 6 (5.5) 16 (14.5) 9 (8.2)
  Unemployed (n=98) 97 (99) 7 (7.1) 24 (24.5) 16 (163) 19 (19.4) 5 (5.1)
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Sociodemographic variables

SANGYAN podcasts
provided you with
relevant information
(yes), n (%)

Used
podcasts
before
(yes), n (%)

Use podcasts for
health-related
information (yes),
n (%)

Use SMS for
health-related
information
(yes), n (%)

Use WhatsApp for
health-related
information (yes),
n (%)

Use any app for
health-related
information (yes),
n (%)

  Other (n=39: retired, n=14;
student, n=24; lost job due to
COVID-19, n=1)

37 (94.9) 5 (12.8) 2 (5.1) 9 (23.1) 4 (10.3) 5 (12.8)

aREALM-R: Rapid Estimate of Adult Literacy in Medicine, Revised.

Usability of and Satisfaction With the
SANGYAN Podcast
Table 3 shows the mean SUS scores with respect to sociode-
mographic variables. The overall mean SUS score was 70.9
(SD 17.73). By age group, participants aged from 18 years

to 24 years had the highest mean score of 81.5 (SD 15.6).
When compared by health literacy levels, participants with
poor or adequate health literacy both demonstrated above
average mean SUS scores (68.5, SD 17.2 and 78.7, SD 17.2,
respectively).

Table 3. Mapping of sociodemographic variables with usability and satisfaction scores for the SANGYAN podcast (N=500).
Sociodemographic variables System Usability Scale (SUS)

score, mean (SD)
Score category, n (%)
<68 points ≥68 points

Age group (years)
  18‐24 (n=76) 81.5 (15.6) 18 (23.7) 58 (76.3)
  25‐35 (n=138) 73.8 (17.6) 64 (46.4) 74 (53.6)
  36‐44 (n=105) 72.1 (16) 50 (47.6) 55 (52.4)
  45‐64 (n=155) 63.7 (16.5) 101 (65.2) 54 (34.8)
  ≥65 (n=26) 62.1 (18) 17 (65.4) 9 (34.6)
Gender
  Female (n=289) 69.3 (16.3) 151 (52.2) 138 (47.8)
  Male (n=211) 73 (19.4) 99 (46.9) 112 (53.1)
Educational level
  No formal education (n=59) 60.7 (18.5) 41 (69.5) 18 (430.5)
  High school or less than high school certification (n=241) 66.7 (16.6) 149 (61.8) 92 (38.2)
  Graduate and higher (n=168) 80.2 (16.9) 47 (28) 121 (72)
  Intermediate or diploma (n=32) 77.3 (16.1) 13 (40.6) 19 (59.4)
Health literacy
  Poor literacy (n=384) 68.5 (17.2) 216 (56.3) 168 (43.8)
  Adequate literacy (n=116) 78.7 (17.2) 34 (29.3) 82 (70.7)
Region of residence
  Rural (n=250) 67.8 (17.5) 148 (59.2) 102 (40.8)
  Urban (n=250) 74 (17.5) 102 (40.8) 148 (59.2)
Employment status
  Employed (n=253) 72.2 (16.2) 112 (44.3) 141 (55.7)
  Homemaker (n=110) 67.1 (15.2) 67 (60.9) 43 (39.1)
  Unemployed (n=98) 60.5 (17.9) 61 (62.2) 38 (38.8)
  Others (n=39: retired, n=14; student, n=24; lost job due to

COVID-19, n=1)
75.6 (15.8) 10 (25.6) 28 (71.8)

Participant Satisfaction With SANGYAN:
CSQ-8
Table 4 shows the percentages of participants who were
satisfied with SANGYAN, where scores of 1 or 2 indicate
dissatisfaction and scores of 3 or 4 indicate satisfaction.

Of the participants, 94.8% (474/500) were satisfied with
the quality of SANGYAN, and 97.4% (487/500) received
the kind of information they desired from SANGYAN. In
addition, 93% (465/500) of the participants were likely to
use SANGYAN again, and 97% (485/500) of the participants
would recommend SANGYAN to their friends.
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Table 4. Client Satisfaction Questionnaire - 8 (CSQ-8) scores for satisfaction levels when using the SANGYAN podcast (N=500).
CSQ-8 questions Score, n (%)

1 2 3 4
How would you rate the quality of service you received? 7 (1.4) 16 (3.2) 237 (47.4) 237 (47.4)
Did you get the kind of service you wanted? 0 (0) 12 (2.4) 211 (42.2) 276 (55.2)
To what extent has our service met your needs? 1 (0.2) 37 (7.4) 219 (43.8) 242 (48.4)
If a friend were in need of similar help, would you recommend our service to him or her? 5 (1) 9 (1.8) 174 (34.8) 311 (62.2)
How satisfied are you with the amount of help you received? 49 (9.8) 19 (3.8) 233 (46.6) 198 (39.6)
Have the services you received helped you to deal more effectively with your problems? 0 (0) 11 (2.2) 179 (35.8) 309 (61.8)
In an overall, general sense, how satisfied are you with the service you received? 5 (1) 14 (2.8) 203 (40.6) 271 (54.2)
If you were to seek help again, would you come back to our service? 9 (1.8) 18 (3.6) 138 (27.6) 327 (65.4)

Usability of and Satisfaction With the
SANGYAN Podcast as a Digital Health
Platform
Figure 2 illustrates the usability of and satisfaction with
the SANGYAN podcast as a digital health platform to

obtain evidence-based health information in a multilingual,
interactive format that is easy to understand. Of the individu-
als who were asked to listen to an episode of the SANGYAN
podcast, 99.8% (499/500) expressed their satisfaction with it
as a platform to receive appropriate health information at the
right time.

Figure 2. Satisfaction with and usability of the SANGYAN podcast based on results from the Client Satisfaction Questionnaire (CSQ) and System
Usability Scale (SUS), respectively, compared between urban and rural residents.

Associations Between
Sociodemographic Characteristics and
SUS and CSQ-8 Scores
Table 5 shows the associations between the sociodemo-
graphic variables and SUS and CSQ-8 scores, with respect
to region of residence. Above average system use was more
prevalent in respondents aged 25 years to 35 years (74/250,
29.6%) than in those aged 18 years to 24 years (58/250,
23.2%), and the relationship with age groups was statisti-
cally significant (χ24=38.7, P<.001). Above average ratings

for system usability were more common among women
(138/250, 55.2%) than men (112/250, 44.8%; χ21=16.9,
P<.001). In addition, statistically significant relationships
between system usability ratings educational level were
present (χ26=64, P=.001), with a greater proportion (106/250,
42.4%) of those having a graduate degree rating it above
average. In addition, most of the respondents in the differ-
ent age groups were highly satisfied with the SANGYAN
podcast. Differences in ratings by employment status were
also present (χ26=28.07, P<.001). There were no significant
differences in SUS scores by religion (χ23=6.69, P=.08).
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Table 5. Differences in System Usability Scale (SUS) and Client Satisfaction Questionnaire - 8 (CSQ-8) scores by sociodemographic characteristics
of the study respondents (N=500).
Variables SUS CSQ-8

Above average, n
(%)

Below average, n
(%)

χ2 (df)
a

P
value

High satisfaction, n
(%)

Low satisfaction, n
(%)

Rural
(n=250)

Urban
(n=250)

Rural
(n=250)

Urban
(n=250)

Rural
(n=250)

Urban
(n=250)

Rural
(n=250)

Urban
(n=250)

Age group (years) 38.7 (4) <.001
  18‐24 (n=76) 20 (26.3) 38 (50) 6 (7.9) 12 (15.8) 26 (34.2) 50 (65.8) 0 (0) 0 (0)
  25‐35 (n=138) 37 (26.8) 37 (26.8) 39 (28.3) 25 (18.1) 76 (55.1) 62 (44.9) 0 (0) 0 (0)
  36‐44 (n=105) 14 (13.3) 41 (39) 35 (33.3) 15 (14.3) 49 (46.7) 56 (53.3) 0 (0) 0 (0)
  45‐64 (n=155) 27 (17.4) 27 (17.4) 60 (38.7) 41 (26.5) 87 (56.1) 68 (43.9) 0 (0) 0 (0)
  ≥65 (n=26) 4 (15.4) 5 (19.2) 8 (30.8) 9 (34.6) 11 (42.3) 14 (53.8) 1 (3.8) 0 (0)
Gender 16.9 (2) <.001
  Female (n=289) 62 (21.5) 76 (26.3) 60 (20.8) 151 (52.2) 152 (52.6) 136 (47.1) 1 (0.3) 0 (0)
  Male (n=211) 40 (19) 72 (34.1) 57 (27) 42 (19.9) 97 (46) 114 (54) 0 (0) 0 (0)
Educational level 64 (6) <.001
  No formal education (n=59) 8 (13.6) 10 (16.9) 37 (62.7) 4 (6.8) 44 (74.6) 14 (23.7) 1 (1.7) 0 (0)
  High school or less than high school

certification (n=241)
50 (20.7) 42 (17.4) 98 (40.7) 51 (21.2) 148 (61.4) 83 (34.4) 0 (0) 0 (0)

  Intermediate or diploma (n=32) 8 (25) 11 (34.4) 6 (18.8) 7 (21.9) 14 (43.8) 18 (56.3) 0 (0) 0 (0)
  Graduate and higher (n=168) 36 (21.4) 85 (50.6) 7 (4.2) 40 (23.8) 43 (25.6) 125 (74.4) 0 (0) 0 (0)
Religionb 6.69 (3) .08
  Christian (n=50) 14 (28) 17 (34) 7 (14) 12 (24) 21 (42) 29 (58) 0 (0) 0 (0)
  Hindu (n=434) 85 (19.6) 123 (28.3) 138

(31.8)
88 (20.3) 222 (51.2) 211 (48.6) 1 (0.2) 0 (0)

aχ2 analyses were conducted using the original category groupings, but the categories were merged in the table for clarity and readability.
bMuslim participants were not reported because religion was not significantly associated with SUS scores (P=.08) and the number of Muslim
participants in the sample was relatively small (n=10).

Associations Between
Sociodemographic Characteristics and
Health Literacy (REALM-R)
Of the 155 (155/500, 31%) participants in this study who
were aged from 45 years to 64 years, 87.7% (136/155)
had poor health literacy (Table 6), representing the largest
proportion even though the younger age groups (ie, 18‐24
years and 25‐35 years) had more limited health literacy
regarding medical terminologies than the older population.
There were significant associations between levels of health

literacy and age groups (χ24=25.4, P<.001). According
to the evaluation using the REALM-R examiner record,
66.8% (167/250) of individuals from urban regions had
poor health literacy, as did 86.8% (217/250) of those in
rural areas. In addition, there was a significant association
between health literacy (REALM-R) and regions of residence
(χ21=28.1, P<.001). However, the difference in the REALM-
R score between genders was not statistically significant
(χ21=0.401, P=.53). The association between REALM-R
grades and education status was statistically significant
(χ26=167, P<.001).

Table 6. Associations between the sociodemographic variables and Rapid Estimate of Adult Literacy in Medicine, Revised (REALM-R) grades.
Variables REALM-R grade, n (%) χ2 (df)a P value

Adequate health literacy
(n=116)

Poor health literacy
(n=384)

Age group (years) 25.4 (4) <.001
  18‐24 (n=76) 27 (35.5) 49 (64.5)
  25‐35 (n=138) 45 (32.6) 93 (67.4)
  36‐44 (n=105) 21 (20) 84 (80)
  45‐64 (n=155) 19 (12.3) 136 (87.7)
  ≥65 (n=26) 4 (15.4) 22 (84.6)
Gender 0.401 (1) .53
  Female (n=289) 70 (24.2) 219 (75.8)
  Male (n=211) 46 (21.8) 165 (78.2)
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Variables REALM-R grade, n (%) χ2 (df)a P value

Adequate health literacy
(n=116)

Poor health literacy
(n=384)

Region of residence 28.1 (1) <.001
  Rural (n=250) 33 (13.2) 217 (86.8)
  Urban (n=250) 83 (33.2) 167 (66.8)
Education level 167 (6) <.001
  No formal education (n=59) 0 (0) 59 (100)
  High school or less than high school certification (n=241) 15 (6.2) 226 (93.8)
  Graduate and above (n=168) 95 (56.5) 73 (43.5)
  Intermediate or diploma (n=32) 6 (18.8) 26 (81.3)
Employment status 35.3 (6) <.001
  Employed (n=253) 78 (30.8) 175 (69.2)
  Homemaker (n=110) 14 (12.7) 96 (87.3)
  Unemployed (n=99) 10 (10.2) 89 (89.9)
  Other (n=39: retired, n=14; student, n=24; unempoyed due to

COVID-19, n=38)
14 (36.8) 24 (63.2)

aχ2 analyses were conducted using the original category groupings, but the categories were merged in the table for clarity and readability.

Discussion
Principal Findings
In this study, 50% (250/500) of respondents were from
rural areas, and 50% (250/500) were from urban areas.
Interestingly, a large portion of the participants reported
neither prior use (420/494, 85%) nor familiarity with podcasts
(443/495, 89.5%) for gathering any kind of health-related
information before this study, highlighting a considerable
gap in awareness and exposure to digital learning tools
across various demographics. The greatest proportion of
participants was among the age group of 45 years to
64 years (155/500, 31%), followed closely by the age
group of 25 years to 34 years (138/500, 27.6%). Compa-
ratively more female participation (289/500, 57.8%) was
observed, reflecting greater availability among the demo-
graphic segments. Additionally, 76.8% (384/500) of the
population had a poor literacy rate, and 48.2% (241/500) of
the participants had an education level of high school or less,
while 11.8% (59/500) had no formal education. Our podcast
effectiveness was assessed using the SUS, which revealed an
overall good usability, with a mean score of 70.9. Partici-
pants aged 18 years to 24 years had the highest mean SUS
score of 81.2, suggesting higher acceptance among younger
users, who perceived the podcasts as more user-friendly
and engaging. The CSQ evaluation showed that 94.8% of
the users reported satisfaction with the quality of service
received, 97.4% got the information they were seeking, 93%
of the participants were likely to use SANGYAN again,
and 97% would recommend SANGYAN to their friends
and family, highlighting high user trust and community-ori-
ented impact. Holistically, the SANGYAN app was well-
received and perceived as a useful and credible source of
health information. Similar findings were reported in recent
studies that also demonstrated acceptability and effective-
ness of mobile and app-based interventions for enhancing

and improving health-related behaviors and user engage-
ment among individuals with chronic conditions [41,42].
The exploratory subgroup analyses suggested that younger,
female, and more educated participants found the platform
more usable and satisfactory, highlighting the influence of
demographic and literacy factors on digital health engage-
ment.

In the twenty-first century, the SARS-CoV-2 pandemic
affected millions of individuals globally. During this age
of global communication, misleading information spreads
rapidly, and this can potentially lead to unreliable sour-
ces of information overwhelming the general population
[43]. A previous study in Ghana showed that podcast or
voice messages are reliable sources of information against
misinformation [44].

In our study, poor health literacy was observed in 76.8%
(384/500) of the participants, among which 56.5% (217/384)
were from rural regions and 43.5% (167/384) were from
urban regions. A previous study in India also demonstrated
poor health literacy, at a rate of 77% [45]. Previous stud-
ies have also reported poor health literacy in the following
countries: Bulgaria (62%), Spain (58%), Suriname (95%),
Saudi Arabia (54%), and South Africa (68%) [40,43-45].
In contrast, adequate health literacy was reported for the
Netherlands (71%), Ireland (59%), Greece (55%), and Poland
(56%). In Suriname, better health literacy was demonstrated
in urban settings [46].

Further, health literacy was significantly associated with
employment status, showing that unemployed people and
retired people were more likely to demonstrate higher levels
of poor literacy. Similarly, a previous study in Denmark
found poor health literacy levels among unemployed people
[47]. Health literacy also had a significant association with
education levels; participants demonstrating adequate literacy
were likely graduates or professionals. Similar to this, a study

JMIR INFODEMIOLOGY Joshi et al

https://infodemiology.jmir.org/2026/1/e67504 JMIR Infodemiology 2026 | vol. 6 | e67504 | p. 10
(page number not for citation purposes)

https://infodemiology.jmir.org/2026/1/e67504


in Jordan showed that participants demonstrating adequate
literacy were likely highly educated [48].

SANGYAN was considered a source of relevant health
information by 98% of the participants, and 99.8% of the
participants were satisfied with the usage of the SANGYAN
podcast. Similarly, previous studies in India and the United
States found that podcasts were relevant and provided the
necessary information [25,26]. Studies in the United States
also found that its users were satisfied with the use of
podcasts [49,50].

This study showed a significant association between health
literacy and SUS scores, such that a person demonstrating
poor health literacy was likely to have a below average SUS
score. In contrast, a previous study in the United States
reported no significant association between health literacy
and SUS scores for digital health–based platforms [50]. Our
study showed that participants in rural settings were likely to
score below average, whereas in a previous study conducted
in rural settings of the United States, participants scored an
average of 81 points, which indicates above average usability
[51].

The participants from rural settings found the SANGYAN
podcast to be a satisfactory source of health information.
Similarly, a study in rural Senegal recorded satisfactory
responses for voice message–based platforms [27]. The poor
health literacy demonstrated among participants and their
satisfactory response to the SANGYAN podcast emphasize
the use of podcasts to deliver health information to partici-
pants who experience difficulty reading. Based on previous
studies, podcasts are practical, easy to use, and educational
[48,52].

Further, in contrast to existing literature from studies
conducted in India, Uganda, and Malaysia that showed
podcasts’ potential to be used as educational tools predomi-
nantly with students [53-57], this study showed that podcasts
are a viable tool for information delivery across all age
groups. It demonstrated that acceptance of and satisfaction
with podcast use are not limited to any particular age group.

Existing studies of methods to tackle infodemics used the
traditional approach of debunking myths. Although this is
effective, it predominantly uses graphics. As a tool against
infodemics, SANGYAN is not only evidence-based but also
available in various languages. Because it is delivered in an
audio format, it caters to the population with poor literacy
levels [58,59].

A study reviewed various digital tools used to curb
misinformation through mobile apps and official government
and mass media websites [60]. Participants in another study
indicated that the provision of health-related information in
languages other than English would have been used [61].
With podcasting having a large audience in India, this can be
one digital tool to combat misinformation. Use of podcasts
for educational purposes in the global and Indian contexts has

increased, making SANGYAN an ideal platform [62-67]. The
results of this study demonstrated high participant satisfac-
tion and acceptance, suggesting that SANGYAN presents an
ideal multilingual approach. With the results of this study
showing high satisfaction and acceptance from participants,
SANGYAN could be an ideal multilingual tool to combat the
rapid spread of misinformation and disinformation. Further,
it helps connect communities to evidence-based information
that enhances the good health and well-being of individuals,
families, and the communities in which they live.

The strength of this study is that it used a digital plat-
form as a medium to impart information, and it shared
information in the form of audio rather than text, cater-
ing to a wider range of people. The study also provided
podcasts through existing kiosks in rural and urban health
centers, making it accessible to people without the internet
or a smartphone. The information the podcast provides is
evidence-based and from a reliable source, hence enabling it
to tackle misinformation. Before starting the data gathering
procedure, the data collectors underwent a training session.
The findings of the study add to the global evidence that
well-designed, user-centric, multilingual tools can improve
public health engagement and enhance self-caring practices in
limited-resource settings [41,42,68].
Limitations
Our study had a few limitations. First, since we used
convenience sampling, participants were recruited based on
availability rather than a random selection method. Moreover,
the study used a single-arm design and therefore lacked a
control group to compare the findings. The research was
limited to the Tamil Nadu area, limiting the external validity
and generalizability of the findings to a broader population.

Last, the study did not evaluate the long-term retention of
knowledge or sustained behavioral impact delivered through
the podcasts. Future research studies in this domain should
bridge these gaps in knowledge to strengthen the scientific
evidence. This would be beneficial for observing the impact
of a podcast-based digital health platform on the issue of
misinformation and disinformation.
Conclusions
This study established the acceptability of and satisfaction
with the SANGYAN podcast platform among rural and
urban areas. The findings emphasize the significance of
creating an adaptable platform that enables people with
low health literacy to connect to topics relevant to their
health, by listening to clear, dependable, and brief podcast-
delivered information. SANGYAN podcast could be an
important source of information that can be used to more
effectively educate people. Additionally, it can be used to
reduce misinformation and help with the self-management of
COVID-19, communicable diseases, and NCDs. This would
also help to enhance the acceptability of podcasts as a source
of health-related information.
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